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Abstract 
This paper provides a comprehensive blueprint for making AI agents pro-
duction-ready in enterprise environments, with a focus on agentic systems. 
It begins by introducing a structured use case prioritization methodology 
to ensure alignment with business impact, technical feasibility, compliance, 
and scalability. 

Organizational enablers—the AI Center of Excellence (CoE) for governance and standards, 
and the AI Factory, enhanced with AgentOps, deliver industrialized pipelines and continuous 
operational monitoring. Central to this approach is the Agent Delivery Framework, defining 
lifecycle phases (Mobilize, Govern, Prototype, Deploy, Monitor) for repeatable scaling, and 
the Agent Framework, which provides orchestration, interoperability, and observability for 
multiagent systems. 

Technical readiness is anchored in the Azure Well-Architected Framework (WAF) pillars and Azure 
AI Landing Zones, ensuring secure, resilient, and compliant deployments. 

Real-world use cases and best practices illustrate how these components converge to 
accelerate time-to-market while embedding Responsible AI principles and delivering 
measurable business outcomes. 
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The journey from proof-of-concept (PoC) to 
production for AI agents is one of the most 
significant challenges enterprises face today. 

Only 5% of companies have scaled AI to 
production, despite 80% piloting projects. 
This quantifies the challenge and sets urgency. 
The journey typically follows four stages: 
Experimentation, Grounding with Data, 
Building Agents, and Scaling in Production. 
Aligning your framework to this arc helps 
organizations benchmark their progress and 
anticipate next steps. 

While PoCs often demonstrate technical 
feasibility and spark excitement, they rarely 
account for the complexities of scaling 
solutions in real-world environments. Many 
organizations underestimate this transition, 
assuming that a successful prototype can 
simply be “lifted and shifted” into production. 
In reality, moving AI agents into operational 
workflows requires addressing issues such as 
integration with existing systems, performance 
under variable loads, and adherence to 
stringent compliance standards. 

One of the primary hurdles is the fragmented 
nature of early-stage AI development. PoCs 
are typically built in isolated environments with 
minimal governance, limited security controls, 
and ad hoc processes. This lack of structure 
becomes a liability when organizations attempt 
to scale. Without robust frameworks for 
monitoring, lifecycle management, and risk 
mitigation, AI agents can fail under production 
conditions—leading to downtime, inaccurate 
outputs, and reputational damage. 

Only 5% of companies 
have scaled AI to 

production 

Enterprise readiness is therefore not 
optional; it is a strategic imperative. At its 
core, readiness ensures that AI deployments 
are secure, reliable, and aligned with 
business objectives. Compliance is a critical 
component, particularly in regulated 
industries where data privacy, fairness, 
and transparency are non-negotiable. 
Embedding Responsible AI principles into 
governance models helps organizations 
avoid ethical pitfalls while meeting 
regulatory requirements. 

Reliability is equally important. Production 
environments demand consistent 
performance, resilience against failures, and 
mechanisms for continuous improvement. 
This includes implementing observability 
tools, automated retraining workflows, and 
proactive anomaly detection to maintain 
accuracy and uptime. 

Finally, readiness must translate into 
measurable business outcomes. AI agents 
should not only function correctly but also 
deliver tangible value—whether through 
cost savings, operational efficiency, or 
enhanced customer experiences. By 
prioritizing governance, security, and 
operational excellence, enterprises 
can transform AI from experimental 
technology into a trusted driver of 
innovation and growth. 

Introduction 

4 Azure | Path to production for AI Agents 



01 

02 

03 

04 

05 

06 

07 

08 

09 

10 

Based on a double-blind study of 1000 industry-based respondents 
sponsored by Microsoft, AI readiness is the key determinant that separates 
leaders from everyone else. 

Here are the top ten findings of the GenAI Readiness Advisor research: 

GenAI readiness is correlated 
to business performance. 
Organizations with higher readiness 
scores report 47–64% stronger 
performance across operational 
efficiency, customer experience, and 
revenue growth. 

Only 17.7% qualify as GenAI Leaders. 
GenAI Leaders meet the top 70th 
percentile in both Technology and 
Organizational Readiness. 

Readiness is balanced, not siloed. 
Roughly 30% of organizations meet 
either the technology or organizational 
threshold individually, but only those 
that achieve both reported sustained 
value realization. 

Cloud maturity is a critical 
differentiator. Among GenAI 
Leaders, ~88% run workloads on 
Azure, underscoring how integrated 
governance, compliance, and data 
management features enable large-
scale, secure AI operations. Cloud 
maturity aligns with higher readiness 
and stronger enterprise outcomes. 

Leaders are platform-first. Nearly 
half of GenAI Leaders (~48%) 
invest in cloud, data, and model 
infrastructure before deploying 
applications, creating stable 
foundations that support KPI 
achievement. 

Integration drives advantage. Over 
84% of GenAI Leaders report fully 
or mostly optimized infrastructure, 
enabling AI to function as a connected 
system across production environments. 
This is more than double the rate of 
other readiness groups. 

Continuous improvement compounds 
value. Leaders maintain and update 
GenAI environments at the highest rates 
(~56% rating “excellent” or “very good”), 
ensuring sustained adaptability and 
innovation. 

Responsible AI is operationalized. 
GenAI Leaders score highest on 
Responsible AI, with structured 
frameworks (90%), oversight committees 
(81%), and monitoring systems (80%) 
that turn trust into measurable capability. 

Leadership spans industries. High 
readiness is not sector dependent. 
GenAI Leaders appear across every 
industry, from 13.6% in Insurance to 
20.0% in Banking and Capital Markets, 
demonstrating that transformation is a 
function of capability versus industry. 

Readiness compounds over time. 
The gap between Innovators and 
Leaders widens as organizational 
readiness grows, showing that 
structured investment in cloud, 
governance, and integration produces 
cumulative advantage. 
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Respondents are ranked and categorized by their scores 

Source: GenAI Readiness Advisor research 

Distribution of segments across 
gen AI readiness domains 
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Selecting the right AI agent use cases is critical for maximizing business impact and ensuring efficient 
resource allocation. Not all use cases deliver equal value, and prioritizing them strategically helps 
organizations achieve quick wins while laying the foundation for long-term success. 

Criteria for selecting 
high-impact use cases 

The first step is to define clear evaluation 
criteria. Common factors include: 

Business impact: Does the use case 
drive revenue growth, cost reduction, or 
operational efficiency? 

Technical feasibility: Are the required 
data, infrastructure, and integration 
capabilities available? 

Compliance risk: Does the use case 
involve sensitive data or require 
adherence to strict regulatory 
standards? 

Scalability: Can the solution be 
extended across multiple departments 
or geographies? 

These criteria ensure that selected use cases align 
with organizational priorities and minimize risk. 

Framework for scoring 
and ranking 

Once criteria are established, organizations 
can apply an impact vs. effort matrix to 
rank potential use cases. The matrix plots 
each use case along two axes: 

Impact: The expected business value or 
strategic importance. 

Effort: The complexity, cost, and time 
required for implementation. 

Use cases in the high-impact, low-effort 
quadrant should be prioritized first. These “quick 
wins” deliver measurable benefits quickly and build 
momentum for broader adoption. Conversely, 
high-effort, low-impact projects should be 
deprioritized or re-evaluated. 

To operationalize this framework, assign numeric 
scores to each criterion and calculate a composite 
score for ranking. This structured approach 
removes subjectivity and enables transparent 
decision-making. 

Source: BXT framework 

Use case prioritization 
methodology 
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Examples of prioritization outcomes 

Consider a global enterprise evaluating three AI agent use cases: 

01 
Customer support 
automation: High impact 
due to improved service 
quality and cost savings; low 
effort because of mature 
chatbot frameworks and 
existing data. 

02 
Predictive maintenance for 
manufacturing: Medium 
impact with significant 
longterm savings; moderate 
effort due to IoT integration 
requirements. 

03 
Supply chain optimization 
with multi-agent systems: 
High strategic value but 
very high effort because of 
complex orchestration and 
compliance challenges. 

Using the impact-effort matrix, customer support automation emerges as the top priority, followed by 
predictive maintenance. Supply chain optimization, while valuable, is scheduled for later phases when 
infrastructure and governance maturity improve. 
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The AI Center of Excellence (CoE) serves as 
the strategic nucleus for AI governance. Its 
primary mission is to ensure that every AI 
initiative aligns with organizational objectives, 
complies with regulatory standards, and adheres 
to Responsible AI principles. Unlike ad hoc 
governance models, a CoE provides a centralized 
framework that balances innovation and agility 
with accountability. Another important dimension 
is driving end user adoption and providing 
necessary skills for their employees to achieve 
adoption. 

A well-structured CoE begins by defining a 
governance charter that clearly articulates roles, 
responsibilities, and escalation paths. This charter 
acts as the foundation for decision-making and 
risk management. Within the CoE, specialized 
roles such as AI Strategy Leads, Compliance 
Officers, and Technical Architects collaborate 
to create policies that span ethics, security, and 
operational resilience. These policies are not 
static; they evolve with emerging regulations and 
technological advancements. 

Implementation typically follows a phased 
approach. First, organizations establish review 
boards composed of compliance experts, 
business stakeholders, and technical leads. 
These boards evaluate proposed AI use cases 
for feasibility, ROI, and risk exposure. Next, 
governance checkpoints are embedded into agile 
development cycles, ensuring that compliance 
and ethical considerations are addressed 
continuously rather than retroactively. 

The impact of a CoE can be measured 
through key performance indicators (KPIs). 
Common metrics include the percentage of AI 
projects reviewed and approved, reduction in 
compliancerelated incidents, and adoption rates 
of standardized templates. For example, a global 
bank implemented a CoE that mandated bias 
audits and explainability reports for all AI models. 
This initiative not only reduced regulatory risk but 
also accelerated project approvals by fostering 
trust among compliance teams. 

Best practices for sustaining an effective CoE 
include conducting quarterly governance audits, 
offering Responsible AI training for all project 
teams, and leveraging automated compliance 
tools integrated into CI/CD pipelines. These 
measures ensure that governance is not perceived 
as a bottleneck but as an enabler of safe and 
scalable AI innovation. 

AI Center of Excellence (CoE) 
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The AI Factory represents a paradigm shift in how enterprises deliver AI solutions. Instead of treating 
each deployment as a bespoke project, the AI Factory introduces industrialized processes that enable 
repeatability, scalability, and compliance. This approach ensures that AI agents move from prototype to 
production with speed and reliability, while maintaining governance and security standards. 

At its core, the AI Factory integrates automated CI/CD pipelines, a centralized model registry, and a robust 
monitoring layer. These components work together to streamline workflows, reduce manual intervention, 
and enforce quality controls. By embedding Responsible AI checks—such as fairness and bias testing— 
into the pipeline, organizations can guarantee ethical compliance without slowing down delivery. 

Governance for your AI Factory 
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Azure AI Landing Zones provide the secure, governed foundation for deploying AI workloads at scale. 
They are workload-specific implementations of the Cloud Adoption Framework (CAF) and Azure Well 
Architected Framework (WAF), designed to accelerate production readiness while embedding compliance 
and operational excellence. 

Key features include: 

Dedicated 
application landing 
zone:           Hosts AI 
workloads in isolated 
subscriptions with 
private endpoints, 
Microsoft Foundry, 
Cosmos DB, and Key 
Vault for secure data 
handling. 

Platform landing 
zone: Provides 
shared services like 
networking, identity, 
and security controls, 
including Azure 
Firewall, Bastion, and 
ExpressRoute for 
hybrid connectivity. 

Governance and 
security: Enforces 
RBAC, Azure 
Policy, and Zero 
Trust networking 
principles, integrated 
with Microsoft 
Defender for Cloud 
and Purview for data 
governance. 

Observability and 
compliance: Built-
in telemetry via 
Azure Monitor and 
Application Insights 
ensures continuous 
performance tracking 
and compliance 
auditing. 

By combining AI Factory automation with Azure AI Landing Zones, enterprises achieve: 

Consistency: 
Standardized 
architecture across 
multiple AI workloads. 

Security: Built-in 
compliance and 
governance controls 
from day one. 

Scalability: Modular 
design supports 
enterprise-scale 
deployments. 

Speed: Accelerates 
transition from 
proofof-concept to 
production without 
sacrificing governance. 

Implementation steps: 

Embed responsible 
AI checks: Automate 
fairness, bias, and 
content safety 
validations within CI/ 
CD pipelines. 

Set up infrastructure-
as-code: Use 
Bicep or Terraform 
templates to deploy 
landing zones and AI 
Factory components 
consistently. CI/CD 
pipelines. 

Integrate landing 
zones: Ensure all 
AI workloads are 
deployed in secure, 
policycompliant 
environments aligned 
with CAF and WAF 
principles. 

Role of Azure AI Landing Zones 
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Deployment highlights: 

Speed: Customer 
service AI agents 
were deployed across 
ten regions in under 
two weeks, reducing 
timeto-market by 70%. 

Customer 
experience: 
Customer satisfaction 
scores improved by 
15%, driven by faster 
response times and 
consistent service 
quality. 

Cost efficiency: 
Operational costs 
dropped by 30% 
due to automation 
and reduced manual 
oversight. 

Compliance assurance: All deployments 
passed compliance audits without 
remediation, thanks to built-in governance 
controls and automated policy enforcement. 

Scalability: The modular design of the AI 
Factory and Landing Zones allowed the 
enterprise to onboard new regions and 
workloads seamlessly. 

Strategic impact: 
This initiative demonstrated that combining automation (AI Factory) with governance (Azure AI Landing 
Zones) delivers tangible business outcomes. Beyond operational gains, the approach reinforced trust with 
regulators and stakeholders, positioning the enterprise as a leader in Responsible AI adoption. 

Case study: 

70% 15% 

30% 

A global retail enterprise faced the challenge of scaling its customer service operations across multiple 
regions while maintaining compliance and operational efficiency. Traditional deployment models were 
slow and inconsistent, often requiring manual intervention for configuration and governance checks. This 
created bottlenecks and increased operational risk. 

To overcome these challenges, the organization implemented an AI Factory integrated with Azure AI 
Landing Zones. The AI Factory provided automated CI/CD pipelines, centralized model registries, and 
telemetry-driven monitoring, while the Landing Zones ensured secure, policy-compliant environments 
aligned with Cloud Adoption Framework (CAF) and Azure Well-Architected Framework (WAF) principles. 
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AgentOps is the operational backbone for AI agents in production environments. While development and 
deployment are critical, the true measure of success lies in how well these agents perform under real-world 
conditions over time. AgentOps ensures resilience, observability, and continuous optimization, transforming 
AI operations from reactive troubleshooting to proactive performance management. 

At its core, AgentOps combines principles of DevOps with AI-specific requirements such as model drift 
detection, bias monitoring, and telemetry-driven optimization. This approach introduces continuous 
learning loops that allow AI agents to adapt to changing data patterns and business contexts without 
compromising compliance or reliability. 

Real-time observability dashboards 
AgentOps relies on real-time observability dashboards to provide a comprehensive 
view of AI agent health and performance. These dashboards, often powered by Azure 
Monitor and Application Insights, track critical metrics such as latency, throughput, 
error rates, and resource utilization. By visualizing these indicators in real time, 
operations teams can quickly identify anomalies—such as sudden spikes in response 
time or unexpected drops in accuracy—before they impact end users. This proactive 
monitoring reduces downtime and ensures consistent service quality. 

Telemetry and analytics 
Telemetry is the backbone of predictive maintenance in AI operations. AgentOps 
continuously collects data on model performance, user interactions, and system 
behavior, feeding this information into advanced analytics engines. These insights 
enable teams to detect patterns that signal potential issues, such as model drift or bias 
creeping into predictions. By leveraging telemetry-driven analytics, organizations can 
move from reactive troubleshooting to predictive optimization, retraining models or 
adjusting configurations before performance degradation occurs. 

Incident response automation 
Manual incident handling can be slow and error-prone, especially in complex AI 
ecosystems. AgentOps addresses this challenge by integrating with IT Service 
Management (ITSM) platforms like Ivanti or ServiceNow to automate incident 
response workflows. When anomalies are detected—such as compliance breaches or 
performance failures—alerts trigger predefined remediation scripts. These scripts can 
roll back deployments, initiate model retraining, or escalate issues to specialized teams. 
Automation reduces Mean Time to Resolve (MTTR) and minimizes business disruption. 

AgentOps: 
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Define SLAs and KPIs 
The first step in implementing AgentOps is to establish clear Service Level Agreements 
(SLAs) and Key Performance Indicators (KPIs). SLAs define the expected performance 
standards for AI agents, such as uptime, latency, and response accuracy. KPIs provide 
measurable benchmarks to track operational success, including metrics like Mean Time 
to Detect (MTTD) and Mean Time to Resolve (MTTR). By setting these targets upfront, 
organizations create accountability and ensure that operational performance aligns 
with business objectives. For more details, see: A Framework for Calculating ROI for 
Agentic AI Apps | Microsoft Community Hub 

Deploy monitoring agents 
Once SLAs and KPIs are defined, the next step is to deploy monitoring agents across 
all layers of the AI ecosystem. Using tools like Azure Monitor, Log Analytics, and 
Application Insights, organizations can capture telemetry data on system health, model 
performance, and user interactions. These monitoring agents act as the eyes and ears 
of AgentOps, enabling real-time visibility and proactive anomaly detection. 

Automate remediation 
Manual remediation can be slow and error-prone, especially in high-volume 
environments. AgentOps addresses this by automating remediation workflows. When 
anomalies are detected—such as performance degradation or compliance breaches— 
predefined scripts trigger corrective actions like rolling back to a previous model 
version, initiating retraining, or adjusting resource allocation. Integration with ITSM 
platforms like Azure DevOps or ServiceNow ensures that these workflows are executed 
seamlessly, reducing downtime and operational risk. 

Integrate feedback loops 
The final step is to integrate feedback loops that feed operational insights back into 
development pipelines. This continuous improvement cycle ensures that lessons 
learned from production environments inform future iterations of AI models. For 
example, telemetry data highlighting frequent drift triggers enhancements in 
training datasets or algorithm selection. By closing the loop between operations and 
development, organizations create a self-improving AI ecosystem that evolves with 
business needs. 
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Mean Time to Detect (MTTD) 
Measures how quickly anomalies or performance 
issues are identified in production environments. 
Lower MTTD indicates effective real-time 
monitoring and observability. 

Mean Time to Resolve (MTTR) 
Tracks the time taken to remediate incidents after 
detection. Automated remediation workflows and 
ITSM integration can significantly reduce MTTR. 

Percentage of anomalies resolved 
without human intervention 
Reflects the level of automation in incident 
response. A higher percentage means fewer 
manual interventions and greater operational 
efficiency. 

Model drift detection frequency 
Indicates how often the system identifies and 
addresses model drift. Frequent detection and 
retraining cycles help maintain accuracy and 
compliance. 

Compliance audit pass rate 
Measures adherence to governance and 
Responsible AI principles during operational 
audits. A high pass rate demonstrates strong 
compliance integration in AgentOps workflows. 

Incident quality metrics 
(first-response accuracy) 
Evaluates the effectiveness of initial remediation 
actions triggered by automated workflows. 
Higher accuracy reduces escalation and improves 
resolution speed. 

Toil minutes saved per week 
Quantifies the reduction in manual operational 
tasks due to automation, freeing teams to focus 
on innovation. 

KPIs for 
AgentOps 
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Healthcare provider implements AgentOps for diagnostic AI Agents 

The impact was significant: 

99.9% Uptime: 
Continuous 
monitoring 
and automated 
remediation 
minimized downtime. 

40% Reduction 
in MTTR: Incident 
response automation 
accelerated 
resolution times. 

Bias monitoring compliance: Integrated 
fairness checks ensured adherence to 
Responsible AI principles, reinforcing trust 
among clinicians and regulators. 

Operational efficiency: Automated 
rollback and retraining workflows reduced 
manual workload, freeing teams to focus on 
innovation. 

By aligning operational metrics with business KPIs—such as patient safety and diagnostic accuracy—the 
healthcare provider demonstrated that AgentOps is not just a technical necessity but a strategic enabler of 
clinical excellence. 

Case study: 

A leading healthcare provider faced challenges in maintaining the reliability and compliance of diagnostic 
AI agents used in clinical decision support. These agents were critical for assisting clinicians in interpreting 
medical imaging and recommending treatment options, making uptime and accuracy non-negotiable. 

To address these challenges, the organization deployed a comprehensive AgentOps framework integrated 
with Azure Monitor, Application Insights, and IT Service Management (ITSM) tools like ServiceNow. 
Realtime observability dashboards provided visibility into latency, throughput, and prediction accuracy, 
enabling proactive anomaly detection. Telemetry-driven analytics identified early signs of model drift, 
triggering automated retraining workflows without manual intervention. 

99% 40% 
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Implement automated alerts 
for performance degradation 
and compliance breaches 
Automated alerts are essential for maintaining 
operational resilience. By configuring alerting 
systems within Azure Monitor and Application 
Insights, organizations can detect anomalies such 
as latency spikes, accuracy drops, or compliance 
violations in real time. These alerts should 
trigger predefined workflows for remediation, 
ensuring rapid response and minimizing business 
impact. Automation reduces reliance on manual 
monitoring and accelerates incident resolution. 

Use infrastructure-as-code 
for consistent deployment 
Infrastructure-as-Code (IaC) tools such as 
Terraform or Bicep enable consistent deployment 
of monitoring and remediation components 
across environments. By codifying infrastructure, 
organizations reduce configuration drift and 
ensure that operational standards are uniformly 
applied. IaC also simplifies scaling, allowing teams 
to replicate AgentOps frameworks for new AI 
workloads without manual intervention. 

Conduct regular audits 
of telemetry data 
Auditing telemetry data is critical for identifying 
long-term trends and optimization opportunities. 
Regular audits—performed monthly or quarterly— 
help uncover recurring issues like model drift, 
resource bottlenecks, or bias in predictions. These 
audits should feed into governance reviews and 
inform retraining strategies, ensuring that AI 
agents remain accurate, fair, and aligned with 
organizational standards. 

Align operational metrics 
with business KPIs 
AgentOps should not operate in isolation 
from business objectives. Aligning operational 
metrics— such as uptime, latency, and retraining 
frequency— with business KPIs like customer 
satisfaction or revenue impact creates a clear link 
between technical performance and organizational 
value. This alignment helps justify investments 
in AI operations and fosters executive buy-in for 
continuous improvement initiatives. 

Best practices: 
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Enterprise-scale agent programs succeed when 
delivery is treated as a disciplined lifecycle—not 
a leap from proof-of-concept to production. 
The Agent Framework provides that discipline. 
It codifies how teams align on business intent, 
embed governance and Responsible AI from 
day one, validate value with constrained 
experiments, ship safely and repeatedly, and 
then continuously optimize behavior, cost, and 
reliability in the wild. Internally, this five-phase 
pattern is often articulated as Mobilize, Govern, 
Prototype, Deploy, and Optimize/Monitor, with 
the last two closing the feedback loop that keeps 
agents trustworthy and useful at scale. 

Mobilize 
Define objectives, stakeholders, 
and success metrics 

Mobilization is about reducing ambiguity. It starts 
with a crisp business problem and a concrete 
value hypothesis: what customer or employee 
friction are we removing, by how much, and 
how will we know? Translate that hypothesis 
into 3–5 measurable success metrics that blend 
business outcomes (e.g., call deflection, case 
resolution time, lead conversion), user experience 
signals (CSAT, task completion), and operational 
targets (latency, cost per interaction, compliance 
adherence). When objectives and metrics are 
coauthored with finance, operations, security, 
and the line of business, they become durable 
guardrails rather than aspirational slogans. 

Stakeholder alignment matters as much as model 
choice. Map the people who will fund, build, 
approve, operate, and consume the agent. Typical 
roles include a business sponsor, product owner, 
domain SMEs, data/platform engineering, security 
& compliance, and support operations. Name a 
single accountable owner for the backlog and an 
executive sponsor who can unblock decisions. 
Capture constraints early—data residency, privacy 
requirements, integrations, SLAs, and change 
windows—so downstream teams don’t discover 
“unknown knowns” during release. 

Close Mobilize with tangible artifacts: a one-page 
charter, a prioritized use-case slice, a KPI baseline 
plan, and an initial risk register with mitigations. 
Treat these as living documents that will be 
revisited in Optimize. 

Agent Framework 
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Govern 
Establish compliance, security, and 
Responsible AI policies 

Governance is not a gate at the end; it is an 
operating system for every decision you make. 
Start by codifying Responsible AI principles— 
fairness, accountability, transparency, privacy, 
and inclusiveness—into design-time checklists 
and runtime controls. Pair them with security-
by-default architecture: identity and access 
boundaries, encryption at rest and in transit, secret 
isolation, and tiered network exposure for tools 
that agents can call. Where possible, integrate 
policy as code so your pipelines can automatically 
evaluate and block non-compliant releases rather 
than relying on heroic manual reviews. 

Model governance deserves special emphasis 
for agents. Document provenance for prompts, 
datasets, and evaluation harnesses; version 
everything; and require reproducibility for results. 
Establish an evaluation taxonomy that separates 
quality (task success, hallucination rate), safety 
(toxicity, jailbreak susceptibility), and operational 
metrics (p95 latency, tool failure rate). Decide 
in advance which thresholds are hard stops 
versus observation-only. Connect governance to 
observability by defining the signals you’ll log in 
production to detect drift, policy violations, or 
degradation—and decide how incidents will be 
triaged and reported. 

In Microsoft’s internal playbooks, governance is 
intentionally woven through delivery engines like 
AI Factories and Landing Zones so that what’s 
right becomes what’s easy. That alignment means 
pipeline gates, policy initiatives, and compliance 
checks are standardized, auditable, and repeatable 
across agents and teams. 

Prototype 
Build and validate MVP agents 

Prototyping is where hypotheses meet evidence. 
Scope the narrowest slice that can demonstrate 
end-to-end value—one persona, one happy path, 
and one or two critical tools. Build the Minimum 
Viable Agent with clear acceptance criteria wired 
to the Mobilize KPIs. Resist premature hardening: 
speed of learning matters more than polish at this 
stage. 

Design your experiment to be trustworthy. Use 
a formal evaluation harness with curated test 
sets, red-teaming prompts, and safety tests 
aligned to Govern. Include offline evaluations 
(e.g., task success, groundedness) and human-
in-the-loop reviews to catch failure modes early. 
Capture telemetry even in prototype: interaction 
logs, toolcall success, guardrail events, and user 
feedback. That data will become the baseline for 
deployment SLOs and cost envelopes. 

Integration is part of validation. Exercise the same 
identity, data access, and tool permissions patterns 
you will use in production—at least in a sandbox— 
so you can measure real latency, throughput 
ceilings, and error modes. When the prototype 
meets acceptance thresholds (value, safety, 
operability) and demonstrates a path to production 
within guardrails, you’re ready to ship a controlled 
release. 
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Deploy 
Industrialize releases with CI/CD, safe 
rollouts, and Landing Zone integration 

Deployment turns an MVP into a product. Treat 
agents like software: versioned, tested, staged, 
and rolled out through repeatable automation. 
In mature programs, CI/CD pipelines sit on top of 
a standardized foundation—an AI/agent Landing 
Zone—that bakes in identity, network, data, and 
compliance controls. This keeps environments 
consistent across dev, test, and prod, and ensures 
that every release is born compliant rather than 
remediated later. 

Before anything touches production, promote 
builds through pre-prod stages with environment 
parity and policy gates that evaluate artifact 
signatures, dependency scans, evaluation 
scores, and safety guardrails. Rollouts should 
be progressive: start with internal dogfood, 
then private preview cohorts, then canary/blue-
green strategies with automated health checks 
and instant rollback. Feature flags give product 
owners a lever to enable or disable tools, skills, or 
personas without redeploying, while rate limiters 
protect upstream systems from traffic shocks 
during go-live. 

Secure operations start on day zero. Use workload 
identities and least-privilege scopes for tool 
invocation, isolate secrets in a hardened vault, 
and apply workload protection with continuous 
posture assessments. For agents that take actions, 
enforce defense-in-depth: human approval for 
sensitive operations, signed tool manifests, and 
runtime policy checks so the agent cannot invent 
capabilities it was never granted. 

Deployment is incomplete without enablement. 
Publish runbooks for incident response, define 
clear SLOs/SLA expectations, and align on error 
budgets that govern the pace of change. Train 
support teams on how to diagnose agent-specific 
issues—prompt regressions, tool timeouts, 
guardrail trips—as distinct from classic app 
outages. Finally, instrument your release process 
itself: track deployment lead time, change failure 
rate, mean time to restore, and rollback frequency. 
In internal delivery guidance, this deploy-at-scale 
discipline is a core promise of the AI Factory 
model: standardized pipelines and templates that 
compress time-to-production while preserving 
governance. 
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Optimize 
Close the loop with telemetry, evaluation, and AgentOps 

Optimization is continuous, not episodic. The 
moment an agent meets real users, you begin 
a virtuous cycle of measurement, learning, and 
improvement. Wire observability so you can see 
interactions end to end: prompts, retrieved context, 
tool calls, model responses, guardrail outcomes, 
costs, and user feedback. Use this data to maintain 
SLOs (latency, success, availability), detect drift 
(prompt, data, behavior), and drive backlog 
priorities. Mature teams run scheduled evaluations 
against a stable benchmark suite to understand 
whether quality is improving release over release, 
even as prompts, models, or tools change. 

AgentOps—the operational discipline for agents— 
adds the practices that classic DevOps doesn’t 
cover. It emphasizes safety regression testing, 
hallucination and jailbreak monitoring, tool-chain 
reliability, and cost-to-value optimization. Treat 
every production interaction as a training signal: 
mine failure clusters, annotate edge cases, and feed 
them into your evaluation sets. When you run A/B 
experiments, tie them to business KPIs, not just 
UX metrics—e.g., deflection with satisfaction, or 
conversion with compliance adherence—to avoid 
optimizing for vanity outcomes. 

Optimization also involves portfolio 
management. As usage grows, revisit your cost 
structure and performance constraints: token 
tiers, model families, retrieval patterns, and 
caching strategies. Consider specialized model 
choices for different sub-tasks (classification, 
extraction, orchestration) to improve efficiency. 
If agents expand into action-taking workflows, 
audit tool permission scopes and rate limits; add 
human approval boundaries where risk increases. 
Keep a close eye on privacy expectations and 
regulatory change: refresh Data Protection Impact 
Assessments, rotate secrets, and review data 
retention policies on a fixed cadence. 

Finally, make optimization visible. Publish a quality 
and safety scorecard monthly to stakeholders— 
showing trends in success, safety events, latency, 
and cost per task—and connect those trends to 
roadmap decisions. When a feature underperforms 
persistently, be willing to sunset it and re-invest 
rather than carry latent risk and complexity. 
Internally, this “optimize to outcomes” mindset 
is the companion to the framework’s original 
“monitor” phase: it elevates monitoring from 
passive observation to active improvement. 
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Across organizations, the difference between an impressive demo and a meaningful business capability 
is process. Mobilize brings focus and shared definitions of success. Govern makes the right way the easy 
way through policy, gates, and evidence. Prototype converts hypotheses into measurable evidence with 
evaluation rigor. Deploy industrializes how you ship—safely, repeatably, and with guardrails by default. 
Optimize ensures the agent keeps getting better where it matters, with telemetry-driven decisions, 
AgentOps practices, and an honest accounting of cost versus value. 

This five-phase approach is intentionally modular. Teams can run multiple workstreams at different stages 
in parallel, but the interfaces between stages—charter to controls to evaluation to release to telemetry— 
remain consistent. That consistency is what enables reuse: a new agent inherits the same Landing Zone, 
the same gates, the same evaluation semantics, and the same operational dashboards. As our internal 
outlines emphasize, the framework’s power isn’t in any single phase; it’s in the seamless integration 
between phases that shortens feedback loops and compounds learning over time. 

AI Landing Zone + AI Factory + AgentOps + Agent Framework synergy 
Enterprise-scale AI adoption is not just about deploying models—it’s about creating a repeatable, 
governed, and resilient system for building and operating intelligent agents. This is where the synergy 
between AI Landing Zone, AI Factory, AgentOps, and the Agent Framework becomes transformative. 
Together, they form an integrated ecosystem that enforces governance, accelerates delivery, orchestrates 
multi-agent workflows, and ensures continuous operational monitoring. 

Governance enforcement: compliance by design 
The AI Landing Zone provides the foundational governance layer. It embeds Azure Policy initiatives, 
identity controls, and resource organization patterns that enforce compliance across environments—Dev, 
Test, and Prod. By integrating these guardrails into infrastructure-as-code templates, governance becomes 
automatic rather than manual, reducing risk and ensuring adherence to Responsible AI principles. This 
alignment extends to the Agent Framework, which incorporates ethical use checks, bias mitigation, and 
auditability into orchestration logic. The result: every agent interaction is logged, policies are enforced at 
runtime, and compliance reporting is streamlined for regulatory audits. 

Delivery acceleration: industrialized pipelines 
The AI Factory acts as the assembly line for agents, leveraging standardized CI/CD pipelines, curated 
model catalogs, and reusable orchestration templates. It integrates seamlessly with the Landing Zone, so 
every deployment inherits enterprise-grade security and network topology without bespoke engineering. 
This accelerates time-to-production by eliminating repetitive setup tasks and enabling parallel 
workstreams for multiple agents. Combined with AgentOps, these pipelines incorporate automated 
evaluation gates—covering safety, performance, and cost benchmarks—before promoting builds to 
production. 

Putting it all together 
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Orchestration: multi-agent coordination at scale 
Complex enterprise workflows often require more than a single agent. The Agent Framework provides 
the orchestration backbone, supporting task decomposition, inter-agent communication protocols (e.g., 
MCP, A2A), and dynamic role assignment. This enables specialized agents—such as retrieval, reasoning, 
and action agents—to collaborate efficiently. Integrated with AI Factory, orchestration patterns are 
codified into templates, reducing design complexity and improving maintainability. This synergy ensures 
that multi-agent systems can scale horizontally without sacrificing reliability or governance. 

Operational monitoring: observability and continuous improvement 
AgentOps closes the loop with end-to-end observability. It aggregates telemetry from the Landing Zone 
(infrastructure health), AI Factory (pipeline performance), and Agent Framework (interaction logs) into 
unified dashboards powered by Azure Monitor and Application Insights. These dashboards track KPIs such 
as latency, success rates, hallucination frequency, and cost per interaction. Automated alerts and anomaly 
detection feed into incident response workflows, while scheduled evaluations benchmark quality and safety 
over time. This operational rigor transforms monitoring from passive oversight into active optimization, 
enabling continuous improvement of agent behavior and resource efficiency. 

Why this synergy matters 
Individually, each component solves a critical problem—Landing Zones enforce compliance, Factories 
accelerate delivery, AgentOps ensures reliability, and Frameworks enable orchestration. Together, they 
create a closed-loop system where governance is baked into design, delivery is industrialized, orchestration 
is standardized, and monitoring drives iterative improvement. For enterprises, this synergy means faster 
innovation without compromising trust, security, or operational excellence. 
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Conclusion 
The journey from proof-of-concept to 
productionready AI agents is not a matter of 
scaling code—it is the convergence of robust 
architecture, disciplined governance, and 
organizational capability. Enterprises that succeed 
in deploying agents at scale do so by treating these 
elements as inseparable. Architecture provides the 
technical foundation, governance ensures trust 
and compliance, and organizational capability 
drives adoption and continuous improvement. 
Without this triad, even the most advanced models 
risk becoming isolated experiments rather than 
transformative business assets. 

Production readiness demands more than isolated 
tools; it requires an integrated ecosystem. This 
is where frameworks and platforms such as the 
Azure Well-Architected Framework (WAF), 
AI Landing Zone, AI Factory, AgentOps, and 
Agent Delivery Framework come together. 
Each plays a distinct role: WAF aligns workloads 
with proven architectural pillars; Landing Zones 
enforce compliance and security from day 
one; AI Factories industrialize delivery through 
standardized pipelines; AgentOps embeds 
observability and operational rigor; and the 
Agent Delivery Framework provides a structured 
lifecycle for mobilization, governance, prototyping, 
deployment, and optimization. Complementing 
these is the Agent Framework, which orchestrates 
multi-agent workflows, and the Center of 
Excellence (CoE), which institutionalizes best 
practices and accelerates organizational learning. 

The call to action is clear: adopt this integrated 
approach now. By embracing WAF, Landing 
Zones, AI Factories, AgentOps, CoEs, and the 
Agent Delivery Framework, enterprises can move 
beyond experimentation and deliver AI agents 
that are secure, scalable, and aligned with business 
outcomes. This synergy transforms AI from a 
tactical initiative into a strategic capability—one 
that drives efficiency, innovation, and competitive 
advantage across the organization. 

The future of enterprise AI is not about isolated 
deployments; it is about building a governed, 
repeatable, and optimized system for intelligent 
agents. The frameworks exist. The patterns are 
proven. The time to act is now. 

Next steps: 
Find your Microsoft Customer Success 
contact in the Microsoft 365 Admin 
Center under Help & Support 

Connect with a local Microsoft partner 
at partner.microsoft.com 
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